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genetic test results and matched gene expression measurements (TPM) 074 0.057 MLH3 chr14.75047125.G.A Additive | SUFU chr10.102627262.T.C Additive
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2x|WT-HET | | . Our findings highlight the value of integrating regulatory variant analysis with clinical
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the median TPM of patients with wildtype, heterozygous, and homozygous 0 - e 00 o1 11 00 o1 1 genetic testing to refine individual cancer risk profiles. The identification of eQTLs in a
alternative alleles, respectively. We defined “Additive” as ratio within 1 sd, “HOM- eQTL Genotypes large clinical cohort underscores their potential to modify disease penetrance and
Dominant” as ratio > 1 + sd, and “WT-Dominant” as ratio < 1 — sd, where sd is the Figure 3. a) Age of onset comparison in Ambry BrCa patients from 57,898 CancerNext + expressivity, offering new avenues for precision medicine. These results support the
standard deviation (sd) of the 66 concordant eQTLs. RNAInsight data with VHL loss of function (LOF) variants or variants of unknown significance use of eQTL mapping for risk refinement and suggest that germline eQTL variation may
« Association and covariate renormalization analyses were performed using penalized (VUS); b) same data as in a) but grouped the samples by the VHL eQTL genotypes provide mechanistic prior information that complements tumor based HRD RNA
linear models. Sequencing run, gender, and ethnicity were included as covariates. (hg38:chr3.10150259.G>A). LOF: Samples with LOF variants in VHL and high-penetrance signatures, enabling more refined identification of HRD-like biology beyond canonical
Standard statistical hypothesis testing methods were applied. i;/T—InLeS’ such as BRCAL, BRCA2, TP53, PALB2, or CHEK2; VUS: Samples with any VUS variants in BRCA1/2 alterations.
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