Application of deep mutational scanning data for MLH1 variant interpretation
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Figure 2: Diagram of the MLH1 deep mutational scan. A MLH1 KO cell line is
systematically transduced with a library containing nearly every possible missense MLH1
variant and then exposed to 6-thioguanine (6-TG) for selection of abrogated MMR

activity; sequencing then allows quantification into an LOF score. (Figure adapted from
Jia et al, AJHG, 2021).
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Results — Validating LOF score for clinical use
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0 200 400 600 Results — Variant reclassification efforts

Position Figure 5: Alluvial diagram demonstrating
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